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ABSTRACT

Background: Artificial intelligence (AI) is a boon to the human race that offers transformative potential in the medical care system, revolutionizing
human well-being. Over the past five decades, Al has evolved significantly in deep learning and machine learning (ML). AI subfields work together
to provide intelligence for various applications. ML is a self-learning system that can improve its performance through training experiences. Utilizing
artificial neural networks mimics human brain functions, while computer vision involves computers extracting information from images or videos.
The application of Al is deployed across diverse medical fields, including cardiology, dermatology, ophthalmology, and oncology, enhancing diagnostic
procedures and treatment outcomes.

Objective: This review aims to explore current trends of Al in healthcare, evaluate its impact across different medical fields, and identify future prospects
for Al-driven innovations in personalized medicine and beyond.

Method: A comprehensive literature analysis was undertaken using prominent databases such as “PubMed,” “Scopus,” and “Google Scholar””

Results: The review found that AI has significantly impacted multiple areas of healthcare. In diagnostics, AI applications have improved accuracy and
efficiency, particularly in fields such as cardiology and oncology. Overall, while AT holds promise for revolutionizing healthcare, its success will depend on
addressing the challenges and continuing to advance both technology and implementation practices.

Keywords: Artificial intelligence in healthcare, Artificial intelligence in medicine, Artificial intelligence technology, Artificial intelligence, Current trends

in artificial intelligence

INTRODUCTION
Artificial intelligence (AI)

Alisdescribed as “afield of science and engineering concerned
with the computational understanding of what is commonly
called intelligent behavior, and with the creation of artifacts
that exhibit such behavior”" During the 1950s, Alan Turning
pioneered a foundational role in shaping AI and current-
generation technology. This concept, famously known as
the “Turning test”® John McCarthy first employed the term
“Artificial Intelligence” in 1956 at the Dartmouth Conference,
which is regarded as the beginning of the research of ALM
Early AT research concentrated on symbolic approaches and
problem-solving strategies but was constrained by computing
limitations and the intricacy of human thought.*! A major
turning point was the introduction of machine learning
(ML), especially through artificial neural networks (ANNs)

in the 1980s, which allowed machines to learn from data
and get better on their own. Advances in computing power,
data accessibility, and algorithms have sped up this process
in the 21 century, resulting in the broad use of Al in
industries including healthcare, finance, and transportation.
Al is now transforming diagnosis and workflow efficiency
in the medical field by enabling self-learning systems and
processing complex data.[®”!

Over the past five decades, Al has evolved significantly in
deep learning (DL) and ML. Al subfields work together to
provide intelligence for various applications. ML has evolved
into DL, which includes ANNs that replicate human cognitive
processes.  Simultaneously, computer vision involves
computers extracting information from images or videos.!
The implementation of AI plays a key role in Dermatology,”’
Ophthalmology,"”  Cardiology,'! and Oncology™ and
various medical fields. AT has a wider application in medicine
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by enabling personalized drugs through predictive models
for disease diagnosis, therapeutic response prediction, and
future prospects in preventive medicines."” In this article
review, we delve into the present use of Al across the different
practices of medicine and examine its future prospects for
enhancing its multifaceted impact on the healthcare system.

Types of Al

Al in the medical field consists of various types, and each can
potentially perform different distinct functions that promote
healthcare services. Mainly these are classified into two types
based on the nature of the AT’s interaction with the physical
world. They are as follows:

e  Virtual AI

e  Physical AL

Virtual AI works in digital settings, processing and evaluating
medical imaging, electronic health records (EHRs), and
other digital data to enhance clinical judgment, increase the
precision of diagnoses, and personalize treatment regimens.
For example, a computational anthropomorphic phantom Al
model can conduct virtual clinical trials, offering an efficient
methodological alternative for evaluating and optimizing
imaging concepts and technologies."* Besides clinical trials,
virtual Al is essential for patient compliance and engagement.
Chatbots and virtual assistants driven by Al give patients
timely information, medication adherence reminders, and
advice on how to manage chronic illnesses. The overall
quality of care is improved by this ongoing interaction, which
encourages a more interactive dynamic between patients
and healthcare professionals.">'! In contrast, physical Al
includes the integration of physical devices or robots in the
surgical practice.l'"”’ Using tele-manipulators or computer-
controlled devices, robotically assisted minimally invasive
surgery enables remote operations. Devices such as the
da Vinci Surgical System and the Six-axis robot improve
accuracy and adaptability."®! This technology is particularly
useful in delicate surgeries such as cataract procedures
in ophthalmology.**! In addition, wearable physical Al
sensors can provide real-time monitoring of various health

parameters and offer a real-time solution for conditions
such as Parkinson’s disease, diabetes, and stress.’?'! The main
distinctions between virtual and physical Al are illustrated in
Table 1.12223

CURRENT TRENDS OF AI IN HEALTHCARE

Current trends underscore the numerous applications of Al

technologies, such as ML, natural language processing, and

predictive analytics, which collectively enhance operational

efficiencies and improve health outcomes.**! The following

are the current applications of Al in healthcare,

e Improved and predictive diagnosis®

Effective drug discovery and clinical trials®?”*!

Optimizing treatment plans and their outcomes®!

Automate routine tasks in hospital settings?”

Identification of drug-related problems and their adverse

drug reactions®®

Management of chronic conditions using AI wearables®!!

e Improves teleconsultation with virtual assistants
gathering patient data and offering insights®

e  Enbhances precision in minimally invasive surgeries with
Al-guided robotic systems**

e Assists in diagnosing and managing mental health
conditions using AI-powered tools."*"

Al in pharmaceutical research

Drug discovery and development is a complex procedure that
involves a multidisciplinary journey and confronts challenges
despite biological insights, cost, and time investment.* ML is
a Potent Al technology, notably propelled ANN, and recurrent
neutral network,excellent in learning and predicting novel
properties.’ In the National Institutes of Health “Toxicology
in the 21 century” (Tox21) challenge study, Mayr et al.
demonstrated that deep neutral networks outperformed
baseline ML methods, highlighting enhanced predictive
in toxicity assessment. The efficiency of ML in predicting
property hinges on the pivotal access to large datasets, which is
especially important in the pharmaceutical industry. Diverse
datasets across various chemical series systematically enhance

Table 1: The difference between virtual Al and physical Al

Virtual AI

Physical AI

« Virtual AT is used to process and analyze data in the digital form.

« The core functions of virtual Al include analyzing data, enhancing
workflow, supporting decision-making, and providing predictive
analytics.

« These are used in supporting healthcare decisions diagnostic
assistance, patient data management and predictive analytics.

« For example: Data analysis platforms, AI-driven diagnostic tools and

virtual assistants.

Al Artificial intelligence

« Physical Al is integrated into physical devices or robots that
interact with the physical environment.

« The core function includes performing physical tasks such as
surgery, caregiving or patient interaction.

o These are used in elderly care, robotic surgeries, rehabilitation,
procedures and surgical assistance.

« For example: Robotic surgery systems such as Da Vinci robotic
surgery system, robotic prosthetics and rehabilitation robots.
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ML models, shaping the future of compound optimization in
the pharmaceutical sector.*”!

ML transforms chemo-informatics using mathematical
analysis of chemical graphs to provide a variety of 2D/3D
descriptors. The fusion of large databases and machine
learning, which incorporates information ranging from
the atomic scale to the whole organism level. It is vital for
developing safer drugs, while the evolution of DL networks
offers promising efficiency in learning from a large database
for developing new drug products.®® AI facilitates the
investigation of emerging anticancer targets and drug discovery
through diverse algorithms, encompassing network-based and
ML-based biology analyses.* ML, DL, and neutral network
technologies prove valuable not only in identifying cancer
targets but also in discerning genotypes and phenotypes across
diverse cardiovascular diseases and contributing significant
advancements in reproductive medicine.*4!

Al in diagnosis

The current trend in medicine focuses on making use of Al
for diagnostic applications. When a medical practitioner
employs Al to assist in diagnosing a patient’s specific illness/
condition, there is an improvement in early diagnosis,
contributing to the prevention of life. AI analyses the
data from pathology, radiology, and ultrasonography and
provides accurate diagnosis within a short duration of time. It
expeditiously resolves issues, enabling healthcare professionals
to provide deliberate and rational treatments for specific
diseased conditions."? Radiology is vital for diagnosing
diseases, but the rising demand exceeds the slow increase in
skilled professionals, causing pressure and misdiagnoses. The
implementation of Al in radiology has become crucial, filling
gaps in medical expertise and provide advanced healthcare.
For example, Heydon et al. conducted a prospective analysis of
an Al-enabled algorithm to screen 30,000 diabetic retinopathy
patients. The DL program demonstrated rapid detection,
especially when assessing large samples where trained
personnel are scarce.*”! In addition, Stoel research highlights
the role of DL in the specific clinical task, especially in imaging
for early detection of rheumatoid arthritis.* During the
recent pandemic, researchers rapidly leveraged Al to identify
COVID-19 patients using demographic, medical, and public
health data. This technology is also beneficial in addressing rare
diseases (RDs) or orphan diseases, enabling quicker and more
efficient diagnoses. The combination of brain function and
structural imaging data can predict the chance of individuals
getting Huntington’s disease within a given timeframe. These
examples highlight the promising capable of Al in the early
identification of RDs."*>! For instance, Mei et al. developed a
model that demonstrates its capability as an accurate AT model
for prompt detection of COVID-19 patients.*”! AI robots are
essential in the field of medical imaging, as they analyze vast
datasets to accurately identify abnormalities, such as tumors

in radiological images."**! A study by Duan et al. explored a
5G-powered robot-assisted tele-ultrasound diagnostic system
for critical care. The robotic arm enables remote ultrasound
examinations, addressing challenges in high-risk and resource-
constrained settings while ensuring high image quality, safety,
and diagnostic consistency.!*!

Al in cardiology

Cardiologists often view AI as more of a visionary concept
rather than acknowledging its transformative role in
medicine, especially in cardiovascular care. AI minimizes
human errors and protects patients from invasive
procedures. Al holds promise for the future of patient
care as civil organizations are currently employing Al
technology in health care applications. The ML protocol
can be used in many clinical data such as electrocardiogram
and echocardiogram to anticipate outcomes. The multi-
ethnic study of atherosclerosis experiment is a population-
dependent survey that certifies ML proves effective in
foretelling the risk. Deep phenotyping with markers imaging
unfolds crucial for cardiovascular event prediction. At
present, there is a trend toward developing microbots for
targeted drug delivery within the body, which represents
a futuristic application of AI in disease treatment.” The
findings from the CEREBRIA-1 (Machine Learning vs Expert
Human Opinion to Determine Physiologically Optimized
Coronary Revascularization Strategies) trial showed that
a ML algorithm analyzing instant wave-free period traces
performed on par with expert opinions in determining
optimal percutaneous coronary intervention (PCI) strategies
for stable computer-aided detection (CAD) patients.t!

In Ambale-Venkatesh et al. study, encompassing 6814
participants, random forests demonstrated effective
cardiovascular risk prediction over 11.2 years, identifying
831 deaths and 710 affected by cardiovascular events such as
heart attack and stroke. Key predictors such as inflammation
and subclinical atherosclerosis provide valuable insights,
creating a strong foundation for utilizing huge data in risk
prediction and in identifying the biomarker. This study
underscores the significance of data-driven hypotheses in
cardiovascular research.®? On the other hand, robotic cardiac
surgery enhances limited invasive procedures with improved
dexterity, tremor-free movements, superior visualization, and
successful execution of complex operations such as mitral
valve repairs and coronary revascularization.”® A study in
university affiliated hospital revels robotic-assisted cardiac
surgery (RACS) using the Da Vinci system, highlighting
its efficacy and safety compared to traditional open-heart
surgery. The findings indicate shorter intensive care unit stays
and quicker recovery times for patients undergoing RACS."

Al in dermatology

The implementation of Al in dermatology initially focused
on melanoma but has recently been widely applied to
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a broad range of diagnostic applications and treatment
strategies. Convolutional neural network (CNN) is, the
leading DL algorithm for imaging diagnosis, various
studies have achieved a dermatological classification of
dermatofibroma from dermatological imaging methods.>*!
In dermatology, computational methods are increasingly used
to speed up the data processing that leads to accurate and
reliable diagnosis.””! In 1987, the TEGUMENT14 system
was introduced for personal computers to assist with
dermatopathology. It achieved a diagnostic accuracy of 91.8%
in identifying 986 histopathological conditions from light
microscopic images, matching the performance of a qualified
dermatopathologist.®®! Tracking atopic dermatitis over time
with measurements is important for checking patient progress
and how well treatments work. However, it can take a lot of
time and the results can vary between different people doing
the rating. The two main indexes used for evaluating the
severity of atopic dermatitis are the eczema area and severity
index and the Severity Scoring of Atopic Dermatitis Index,
both of which have been shown to accurately assess the severity
in in-person evaluations.® Digital health devices and other
medical strategies can significantly enhance and transform the
treatment process. Their unique capabilities make them crucial
in modern healthcare. Healthcare providers and patients
can utilize this tool to train and monitor them, supporting
the maintenance of an outpatient treatment program.
Dermatologists with over 5 years of experience strongly
advocated for incorporating Al into dermatology residency
training (P = 0.001) and showed greater enthusiasm for AL
In contemporary society, biosensors are integral to biomedical
diagnostics, with multifaceted uses in clinical practice and
biomedical research. They offer valuable insights into skin
health and diseases by enabling the early detection of specific
biomarkers associated with various skin conditions. This early
identification facilitates prompt and effective interventions.®!!
Dermatologists can use these sensors to collect current data,
enabling early detection and treatment of conditions like
melanoma, improving therapeutic outcomes, and potentially
saving lives.®? Huang et al. recently released two studies
examining the medical expertise of OpenATs ChatGPT, a
popular large language framework, in diagnosing systemic
lupus erythematosus and psoriasis. The researchers posed 14
typical questions to the system and reviewed the responses
using specialist assessments and readability metrics. While
the researchers’ intent to assess these developing innovations
was commendable, studies have significant weaknesses. This
correspondence aims to highlight these vulnerabilities and offer
suggestions for improving subsequent research on the clinical
understanding of large language models in dermatological
disorders.**! Despite rapid advancements in dermatological
Al its clinical application faces significant challenges. In the
beginning, the quantity of imaging data for skin diseases is
still insufficient. The situation is further complicated by the

limited level of information exchange throughout hospitals
and inconsistent standards and quality of skin pictures. The
difficulty in obtaining high-quality image data undermines the
reliability of research outcomes, highlighting an urgent need
for improvement in these areas.®”!

Al has shown significant potential in dermatologic
malignancies, especially in recognizing the difference
between benign moles and carcinoma. These algorithms
analyze skin lesion images to the pixel level so researchers
can predict and classify malignancies with high accuracy.
Numerous landmark studies highlight the high sensitivity
and specificity of Al in identifying malignant versus benign
lesions. For instance, Esteva et al. developed a CNN on
a massive dataset of over 100,000 biopsy-verified clinical
imaging reports to differentiate between keratinocyte
cancer and Seborrheic warts, as well as between malignant
carcinoma and benign moles.”® similarly, Han et al. refined
a CNN model to classify various melanoma, including its
subtypes, while ML is also enhancing dermatopathology
by classifying tumors in digitized histology slides.[”]
Wozniacka et al. employed CNNs to aid in histopathologic
melanoma diagnoses, while other research has used
indirect immunofluorescence microscopy to classify
linear immunoglobulin A disease, reflecting the growing
integration of emerging technologies in dermatology.® It
is crucial to determine the specific conditions under which
AT algorithms can effectively contribute to clinical practice
in this field. Collaborative efforts between humans and
machines have shown encouraging outcomes, paving the way
for future applications. This positive synergy has the potential
to improve diagnostic precision, refine treatment decisions,
and enhance procedure outcomes in dermatological care.!*5’]

Al in ophthalmology

The integration of DL and ML has revolutionized treatments
in ophthalmological practice. There have been notable strides
in managing retinal diseases. For instance, an Al-powered
device has gained Food and drug administration (FDA)
approval for diagnosing diabetic retinopathy. Moreover, a
DL system has been engineered to independently detect and
quantify retinal fluids in the eye.”” “AI” systems are currently
being researched and developed for a variety of diagnostic
applications. They include diagnosing and grading cataracts
in pediatric patients through slit-lamp image analysis,
detecting glaucoma by measuring retinal nerve fiber layer
density and optic fields, and diagnosing conical cornea using
Corvis ST tonometry.”*7? Efforts are underway to develop
approaches for the early diagnosis and treatment, especially
in regions with limited access to medical care.”*”*! ML and
DL can automatically detect fluid drusen, enabling the
downstaging of age-related macular degeneration. Al-based
applications have shown enhanced sensitivity and specificity,
which results in improved diagnosis and treatment through
early detection.”>7¢)
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Using optical coherence tomography scans, Gulshan et
al. diagnosed macular degeneration using the Visual
Geometry Group of the University of Oxford (VGG16)
CNN algorithm. To determine the probability of age-
related macular degeneration, the method encodes
important picture information into a vector. A multi-layer
neural network, such as an feed forward neural network,
subsequently processes this vector.”””® Two research
studies focused on glaucoma by applying supervised
ML techniques to enhance identification and predict
progression. An area under the curve (AUC) of 88% was
obtained in the Chaganti et al. research for the diagnosis
of glaucoma. The results showed that adding an EMR
phenotype could improve the classification accuracy of a
model using imaging biomarkers.” In contrast, Baxter
et al. found modest performance, with an AUC of 67%,
in their research utilizing EHRs to estimate the risk of
advancement to surgery among individuals with open-
angle glaucoma.® Several topics will require further
investigation in the future. One area is the use of eye
imaging not only for diagnosis but also for predicting
the disease prognosis. This can assist doctors in planning
medical treatments more effectively. In addition, while most
current research relies on two-dimensional ocular images,
exploring three-dimensional images obtained from optical
coherence tomography, angiography or other devices could
represent a new direction.

Al in oncology

In oncology, the incorporation of advanced Al technology
into the clinical application will aid in improving the
patient-lifespan. It will also help in early screening,
accurate diagnosis, effective treatment, and improved
diagnosis by identifying complex patterns and transforming
image interpretation into a quantifiable and reproducible
procedure. CAD and computer-aided diagnosis offer
remarkable precision in early identification, characterizing
and monitoring tumors, providing a new dimension to
clinical decision-making for practitioners.®’ Oncology
is increasingly turning to evidence-based medicine and
modern diagnostic technologies such as gene expression
assays and next-generation sequencing to improve cancer
detection and treatment. Integrating these varied data
sources may be too hard for typical analysis tools.®!
However, Al, particularly through Network and ML-based
Al can overcome the barriers by learning patterns across
the entire expression profiling. ML method uses whole
expression profiling ribonucleic acid (RNA) sequence
at multiple tumor profiles gives precise cancer detection
even its rare types and predict the tumor origin. Neutral
networks have also been utilized to classify the cellular
subtypes of various carcinomas. AI has the ability to
analyze large-scale comprehensive data, leads to discovery

of drug susceptibility and RNA splice site prediction. s>
Recent studies in DL have shown remarkable success in
cancer diagnosis and classification across various imaging
modalities. Coudray et al.®! developed the DeepPATH
model using the Inception-v3 architecture, achieving an
AUC of 0.97 in classifying lung cancer images into its
subtypes. Esteva et al.l® demonstrated that their DNN
model outperformed 21 board-certified dermatologists
in classifying skin lesions, with an AUC of 0.91-0.94, and
effectively handled variabilities in digital photographs.® In
radiology, Anthimopoulos et al. used computed tomography
scans to build a DNN that identified an abnormality pattern
in the lung disease with an average accuracy of 0.85, while
Yuming Jiang et al. developed a model for predicting occult
peritoneal metastasis in gastric cancers, achieving an AUC
of 0.92-0.94.1%7 Wang et al. analyzed MRI images to build
a DNN capable of distinguishing prostate cancer identifying
from non-cancerous conditions, with an AUC of 0.84.0%!
These results demonstrate the potential of DL models to
increase cancer detection and classification; nevertheless,
more validation in prospective studies is needed to ensure
their effectiveness and address potential issues such as false
negatives.

ROLE OF AI IN INDIAN RESEARCH AND
HEALTHCARE

AT has the transformative potential to propel Indian research
and healthcare to new heights. AI technologies are being
utilized to enhance the various aspects of medical research,
includes improved data analysis, predictive modeling, and
overall efficiency in addressing complex issues. Al plays a
pivotal role from rational design to clinical trials. ML and
DL technologies can expedite data collecting, biosimulation,
and early disease diagnosis by deftly analyzing large datasets.
This improves the accuracy of drug development procedures
while also cutting expenses and time.® AI models play
a pivotal role in forecasting pharmacokinetic (PK) and
pharmacodynamic properties, allowing researchers to
effectively identify compounds with suboptimal absorption,
distribution, metabolism, and excretion profiles at an
early stage in the drug discovery pipeline. This capability
significantly reduces the likelihood of failure in later, more
expensive stages of drug development.®**'! AT has shown
great promise in toxicity assessment, especially in the
prediction of hepatotoxicity and cardiotoxicity. For example,
utilizing publicly accessible pharmacological data, Al-
based models have been created to predict cardiotoxicity
with a high degree of accuracy. Likewise, these models
have demonstrated good classification accuracy when used
to forecast drug-induced liver damage. In later phases of
drug development, the probability of compound failure
is significantly decreased by this early identification of
toxicity issues.’***! By improving medication formulations,

Sri Ramachandra Journal of Health Sciences « Volume 4 ¢ Issue 2 « July-December 2024 | 48



Sriram and Gladia Jenifer: Al in medicine and its future prospects

enabling targeted drug delivery, personalized medicine,
and optimizing PKs, Al is revolutionizing drug delivery,
improving patient outcomes, and accelerating drug
development.”® Robotics and Al integration have
demonstrated great promise in tackling the problems caused
by India’s enormous and diverse population. Rapid adoption
to data patterns is made possible by Al systems’ ability to
evaluate large datasets using complex algorithms. This skill
is useful in a variety of healthcare applications, including
surgical support, hospital logistics optimization, and
routine health check-ups, resulting in increased efficiency
in both urban and rural healthcare settings.””"! For
example, Custom CNN architecture model of Al algorithm
helps in the rapid identification of COVID-19 during
the pandemic.'"1% Despite these advancements in Al,
there remains a clear gap in Al-focused training within
India’s medical education system. Research evaluating
medical students’ understanding and perspectives on Al in
healthcare has emphasized the urgent need for robust Al
education to equip future healthcare professionals for the
rapidly changing landscape. Bridging this educational gap
is essential to ensure the seamless integration and effective
application of Al technologies in clinical practice.!1*+1%%

CHALLENGES AND FUTURE PROSPECTIVE

Future prospects in the integration of AI into healthcare
are promising but come with several challenges that need
careful consideration. The current landscape demonstrates
AT’s disruptive potential in identifying diseases, monitoring,
efficacy assessment, survival prediction, medication trials,
and health care. ML aspires to develop algorithms that can
self-improve through experience and continually learn
from new data and insights, allowing them to answer
various questions. Precision medicine benefits greatly from
these advanced algorithms, though they bring considerable
computational challenges. The ethical challenges arising
from data science have been widely debated. These issues
can be divided into three key areas of research data
privacy ethics, the moral implications of algorithms, and
the ethical values of data practices. By exploring these
challenges within a conceptual framework, researchers can
gain deeper insights and work toward resolving them.!*
One challenge in advancing robust algorithms for gastric
cancer is the interpretability of AI. Some research has
shown that ML and DL applications can achieve greater
sensitivity and produce fewer false positives compared to
radiologists.'”) There is a lot of enthusiasm about MLIs
potential in laboratory medicine, but there are also major
obstacles to overcome. One major technical hurdle is the
quality of data. Laboratory information systems often
suffer from mislabeled or missing data, which constrains
the peak performance of any algorithm. Furthermore, the
financial and technological hurdles include the expense

of the requisite computing infrastructure and the cost of
recruiting professionals with the skills required to build,
install, maintain, and update major tools."”® Although
there are some promising results, developing effective
ATl methods for analyzing comprehensive data is still
challenging. Comprehensive data are very diverse, and
simply combining raw data or model outcomes from
each type often misses important connections between
different types of data. Using network-based techniques,
which depict things as nodes and relationships as edges,
has enormous potential for more effectively integrating
and studying comprehensive data.'® Clinical trials
often recruit “ideal” patients based on strict criteria,
limiting their real-world applicability, while FDA
adverse event reporting system data lack comprehensive
details. Integrating these findings with data from EHRs
and policies, as promoted by the FDAs new strategic
framework, enhances their relevance and value.' In
addition, an integrated AI system requires an expansion
of translational research, emphasizing the need for
investment in enhancing their current role performance in
the healthcare workforce. Healthcare leaders must plan for
ethical and responsible data access, ensuring that processes
align with the sensitive nature of healthcare data. Access
to sufficient computing power, especially in real-time
decision-making, necessitates leveraging the exponential
growth of cloud computing.!''!)

CONCLUSION

Implementation of Al in real-world scenarios is pivotal for
fostering trust in Al systems. Understanding the challenges
that arise during the transition from development to real-
world application is vital. Healthcare authorities must make
it a priority to delve into the intricacies of constructing
“trusted” AI, recognizing the intricate process of translating
algorithms into viable, dependable solutions. Overall,
the future prospects of AI in healthcare are promising,
but success hinges on addressing regulatory, ethical, and
technical challenges while also investing in education and
preparedness of the healthcare workforce for a digitally
augmented healthcare system. By integrating Al and 5G
connectivity with advanced imaging, genomic analysis,
pathology data and EHRs, healthcare systems can enable
faster, more accurate , enhance personalized treatment
plans and improve patient outcomes through real-time data
monitoring and seamless communication across various
medical field. Healthcare providers can offer a wide array
of personalized treatment options. This technology enables
real-time, individualized therapeutic strategies, significantly
improving both the precision and effective patient care.

Acknowledgment

We would like to acknowledge our family and institution for
their constant encouragement and support during this work.

Sri Ramachandra Journal of Health Sciences « Volume 4 « Issue 2 « July-December 2024 | 49



Sriram and Gladia Jenifer: Al in medicine and its future prospects

Authors’ contributions

ST: Conceptualization, manuscript drafting; ST, GJB:
Literature review, final draft preparation, editing, submission,
and correspondence.

Ethical approval

Institutional Review Board approval is not required.

Declaration of patient consent

Patient’s consent not required as there are no patients in this
study.

Financial support and sponsorship
Nil.
Conflicts of interest

There are no conflicts of interest.

Use of Artificial Intelligence (AI)-Assisted Technology for
manuscript preparation

The authors confirm that there was no use of artificial
intelligence (Al)-assisted technology for assisting in the
writing or editing of the manuscript and no images were
manipulated using Al

REFERENCES

1. Shapiro SC. Encyclopedia of artificial intelligence. 2™ ed., Vol. 1 and 2;
1992. Available from: https://api.semanticscholar.org/CorpusID:61127813
[Last accessed 2024 Aug 23].

2. Turing AM. Computing Machinery and Intelligence. Mind. 1950;59:433-460.

3. McCarthy J, Minsky ML, Rochester N, Shannon CE. A Proposal for the
Dartmouth summer research project on artificial intelligence. AI Magazine
1995;27:12.

4. Zhang L. Artificial intelligence: 70 Years down the road; 2023. Available
from: http://arxiv.org/abs/2303.02819 [Last accessed 2024 Aug 23].

5. Available from: https://www.a-very-brief-history-of-artificial-intelligence-
hxzl31coxz [Last accessed 2024 Aug 23].

6.  Kaul V, Enslin S, Gross SA. History of artificial intelligence in medicine.
Gastrointest Endosc 2020;92:807-12.

7. Jean A. A brief history of artificial intelligence. Med Sci (Paris)
2020;36:1059-67.

8. Parasher G, Wong M, Rawat M. Evolving role of artificial intelligence in
gastrointestinal endoscopy. World ] Gastroenterol 2020;26:7287-98.

9. LiZ, Koban KC, Schenck TL, Giunta RE, Li Q, Sun Y. Artificial intelligence
in dermatology image analysis: Current developments and future trends.
J Clin Med 2022;11:6826.

10. Ting DS, Pasquale LR, Peng L, Campbell JP, Lee AY, Raman R, et al.
Artificial intelligence and deep learning in ophthalmology. Br ] Ophthalmol
2019;103:167-75.

11.  Lin A, Kolossvary M, Isgum I, Maurovich-Horvat P, Slomka PJ, Dey D.
Artificial intelligence: Improving the efficiency of cardiovascular imaging.
Expert Rev Med Devices 2020;17:565-77.

12.  Bhinder B, Gilvary C, Madhukar NS, Elemento O. Artificial intelligence in
cancer research and precision medicine. Cancer Discov 2021;11:900-15.

13.  Johnson KB, Wei WQ, Weeraratne D, Frisse ME, Misulis K, Rhee K, et al.
Precision Medicine, Al, and the Future of Personalized Health Care. Clin
Transl Sci 2021;14:86-93.

14.  Bajwa J, Munir U, Nori A, Williams B. Artificial intelligence in healthcare:
Transforming the practice of medicine. Future Healthc ] 2021;8:e188-94.

15.  Chaix B, Guillemassé A, Nectoux P, Delamon G, Brouard B. Vik: A Chatbot
to support patients with chronic diseases. Health 2020;12:804-10.

16. Kurniawan MH, Handiyani H, Nuraini T, Hariyati RT, Sutrisno S. A
systematic review of artificial intelligence-powered (AI-powered) chatbot

17.

18.

19.

20.

21.

22.

23.

24.

25.

26.

27.

28.

29.

30.

31.

32.

33.

34.

35.

36.

37.

38.

39.

40.

41.

42.

43.

intervention for managing chronic illness. Ann Med 2024;56:2302980.
Amisha, Malik P, Pathania M, Rathaur V. Overview of artificial intelligence
in medicine. ] Family Med Prim Care 2019;8:2328.

George J, Bijimol TK. AI in medical field. in international conference on
intellectual property rights. Int J Sci Res 2021;70-3.

Ahuja AS, Wagner IV, Dorairaj S, Checo L, Ten Hulzen R. Artificial
intelligence in ophthalmology: A multidisciplinary approach. Integr Med
Res 2022;11:100888.

Lindegger DJ, Wawrzynski J, Saleh GM. Evolution and applications of
artificial intelligence to cataract surgery. Ophthalmol Sci 2022;2:100164.
Shajari S, Kuruvinashetti K, Komeili A, Sundararaj U. The emergence of
Al-based wearable sensors for digital health technology: A review. Sensors
2023;23:9498.

Al Kuwaiti A, Nazer K, Al-Reedy A, S Al-Shehri, A Al-Muhanna,
Subbarayalu AV, et al. A review of the role of artificial intelligence in
healthcare. ] Pers Med 2023;13:951.

Kreuzer T, Papapetrou P, Zdravkovic J. Artificial intelligence in digital
twins—A systematic literature review. Data Knowl Eng 2024;151:102304.
Mullankandy S, Kazmi I, Islam T, Phia WJ]. Emerging trends in Al-driven
health tech: A comprehensive review and future prospects. Eur J Technol
2024;8:25-40.

Liu X, Rivera SC, Moher D, Calvert MJ, Denniston AK; SPIRIT-AI and
CONSORT-AI Working Group. Reporting guidelines for clinical trial
reports for interventions involving artificial intelligence: The CONSORT-
Al extension. Nat Med 2020;26:1364-74.

Huang S, Yang ], Fong S, Zhao Q. Artificial intelligence in the diagnosis of
covid-19: Challenges and perspectives. Int ] Biol Sci 2021;17:1581-7.

Zhang ], Zhang Y, Wang ], Xia Y, Zhang ], Chen L. Recent advances in
Alzheimer’s disease: Mechanisms, clinical trials and new drug development
strategies. Signal Transduct Target Ther 2024;9:211.

Velagaleti SB. Improving performance of clinical and operational workflows
in health tech domain using artificial intelligence. Int ] Res Appl Sci Eng
Technol 2023;11:3929-32.

Maleki Varnosfaderani S, Forouzanfar M. The Role of AI in hospitals
and clinics: Transforming healthcare in the 21 century. Bioengineering
2024;11:337.

Yang S, Kar S. Application of artificial intelligence and machine learning
in early detection of adverse drug reactions (ADRs) and drug-induced
toxicity. Artif Intell Chem 2023;1:100011.

Xie Y, Lu L, Gao E, He SJ, Zhao HJ, Fang Y, et al. Integration of artificial
intelligence, blockchain, and wearable technology for chronic disease
management: A new paradigm in smart healthcare. Curr Med Sci
2021;41:1123-33.

Amjad A, Kordel P, Fernandes G. A Review on innovation in healthcare
sector (Telehealth) through artificial intelligence. Sustainability
2023;15:6655.

Bhavani SB, Vickram AS, Emran TB. Artificial intelligence-driven precision
surgery: Revolutionizing complex procedures. Int ] Surg Open 2024;62:826-7.
Koutsouleris N, Hauser TU, Skvortsova V, De Choudhury M. From promise
to practice: Towards the realisation of Al-informed mental health care.
Lancet Digit Health 2022;4:829-40.

Qiu X, Li H, Ver Steeg G, Godzik A. Advances in Al for protein structure
prediction: Implications for cancer drug discovery and development.
Biomolecules 2024;14:339.

Sarker IH. Deep learning: A comprehensive overview on techniques,
taxonomy, applications and research directions. SN Comput Sci 2021;2:420.
Mayr A, Klambauer G, Unterthiner T, Hochreiter S. DeepTox: Toxicity
prediction using deep learning. Front Environ Sci 2016;3:80.

Lo YC, Rensi SE, Torng W, Altman RB. Machine learning in
chemoinformatics and drug discovery. Drug Discov Today 2018;23:1538-46.
You Y, Lai X, Pan Y, Zheng H, Vera J, Liu S, et al. Artificial intelligence in
cancer target identification and drug discovery. Sig Transduct Target Ther
2022;7:156.

Mohsen E, Al-Saadi B, Abdi N, Khan S, Shah Z. Artificial intelligence-based
methods for precision cardiovascular medicine. ] Pers Med 2023;13:1268.
Cavalera E, Zanoni M, Merico V, Bui TT, Belli M, Fassina L, et al. A neural
network-based identification of developmentally competent or incompetent
mouse fully-grown oocytes. ] Vis Exp 2018;2018:56668.

Liu PR, Lu L, Zhang JY, Huo TT, Liu SX, Ye ZW. Application of artificial
intelligence in medicine: An overview. Curr Med Sci 2021;41:1105-15.
Heydon P, Egan C, Bolter L, Chambers R, Anderson ], Aldington S,

Sri Ramachandra Journal of Health Sciences « Volume 4 « Issue 2 « July-December 2024 | 50



Sriram and Gladia Jenifer: Al in medicine and its future prospects

44,

45.

46.

47.

48.

49.

50.

51

52.

53.

54.

55.

56.

57.

58.

59.

60.

61.

62.

63.

64.

65.

66.

67.

et al. Prospective evaluation of an artificial intelligence-enabled algorithm
for automated diabetic retinopathy screening of 30 000 patients. Br ]
Ophthalmol 2021;105:723-8.

Stoel BC. Artificial intelligence in detecting early RA. Semin Arthritis
Rheum 2019;49:525-8.

Ganesh S, Chithambaram T, Krishnan NR, Vincent DR, Kaliappan J,
Srinivasan K. Exploring Huntington’s disease diagnosis via artificial
intelligence models: A comprehensive review. Diagnostics (Basel)
2023;13:3592.

Abdallah S, Sharifa M, Almadhoun MK, Khawar Sr MM, Shaikh U,
Balabel KM, et al. The Impact of artificial intelligence on optimizing
diagnosis and treatment plans for rare genetic disorders. Cureus
2023;15:46860.

Mei X, Lee HC, Diao KY, Huang M, Lin B, Liu C, et al. Artificial
intelligence-enabled rapid diagnosis of patients with COVID-19. Nat Med
2020;26:1224-8.

Habuza T, Navaz AN, Hashim F, Alnajjar E Zaki N, Adel Serhani M,
et al. Al applications in robotics, diagnostic image analysis and precision
medicine: Current limitations, future trends, guidelines on CAD systems
for medicine. Inform Med Unlocked 2021;24:100596.

Duan S, Liu L, Chen Y, Yang L, Zhang Y, Wang S, et al. A 5G-powered
robot-assisted teleultrasound diagnostic system in an intensive care unit.
Crit Care 2021;25:134.

Lee JG, Raj RR, Day NB, Shields CW. Microrobots for biomedicine:
Unsolved  challenges and opportunities for translation. ACS
Nano 2023;17:14196-204.

Gupta MD, Kunal S, Girish MP, Gupta A, Yadav R. Artificial intelligence in
cardiology: The past, present and future. Indian Heart ] 2022;74:265-9.
Ambale-Venkatesh B, Yang X, Wu CO, Liu K, Hundley WG, McClelland R, et
al. Cardiovascular event prediction by machine learning: The multi-ethnic
study of atherosclerosis. Circ Res 2017;121:1092-101.

Bush B, Nifong LW, Chitwood WR. Robotics in cardiac surgery: Past,
present, and future. Rambam Maimonides Med ] 2013;4:¢0017.

Liu Z, Zhang C, Ge S. Efficacy and safety of robotic-assisted versus median
sternotomy for cardiac surgery: results from a university affiliated hospital.
] Thorac Dis 2023;15:1861-71.

Masood A, Al-Jumaily AA. Computer aided diagnostic support system for
skin cancer: A review of techniques and algorithms. Int ] Biomed Imaging
2013;2013:323268.

Young AT, Xiong M, Pfau J, Keiser MJ, Wei ML. Artificial intelligence in
dermatology: A primer. ] Invest Dermatol 2020;140:1504-12.

Marka A, Carter JB, Toto E, Hassanpour S. Automated detection of
nonmelanoma skin cancer using digital images: A systematic review. BMC
Med Imaging 2019;19:21.

Jartarkar SR, Cockerell CJ, Patil A, Kassir M, Babaei M, Weidenthaler-Barth B,
et al. Artificial intelligence in dermatopathology. ] Cosmet Dermatol
2023;22:1163-7.

Schmitt J, Langan S, Deckert S, Svensson A, von Kobyletzki L, Thomas K,
et al. Assessment of clinical signs of atopic dermatitis: A systematic review
and recommendation. J Allergy Clin Immunol 2013;132:1337-47.

Pangti R, Gupta S, Gupta P, Dixit A, Sati HC, Gupta S. Acceptability of
artificial intelligence among Indian dermatologists. J]DVL 2021;88:232-4.
Bhalla N, Jolly P, Formisano N, Estrela P. Introduction to biosensors. Essays
Biochem 2016;60:1-8.

Tan IJ, Podwojniak A, Parikh A, Cohen BA. Precision dermatology: A
review of molecular biomarkers and personalized therapies. Curr Issues
Mol Biol 2024;46:2975-90.

Huang C, Hong D, Chen X. ChatGPT in medicine: Evaluating psoriasis
patient concerns. Skin Res Technol 2024;30:e13680.

Huang C, Hong D, Chen L, Chen X. Assess the precision of ChatGPT’s
responses regarding systemic lupus erythematosus (SLE) inquiries. Skin
Res Technol 2023;29:¢13500.

Haenssle HA, Fink C, Schneiderbauer R, Toberer F, Buhl T, Blum A,
et al. Man against Machine: Diagnostic performance of a deep learning
convolutional neural network for dermoscopic melanoma recognition in
comparison to 58 dermatologists. Ann Oncol 2018;29:1836-42.

Esteva A, Kuprel B, Novoa RA, Ko J, Swetter SM, Blau HM, et al.
Dermatologist-level classification of skin cancer with deep neural networks.
Nature 2017;542:115-8.

Han SH, Kim SH, Kim CK, Jo DI. Multiple nonmelanocytic skin cancers in
multiple regions. Arch Craniofac Surg 2020;21:188-92.

68.

69.

70.

71.

72.

73.

74.

75.

76.

77.

78.

79.

80.

81.

82.

83.

84.

85.

86.

87.

88.

89.

90.

91.

Wozniacka A, Patrzyk S, Mikolajczyk M. Artificial intelligence in medicine
and dermatology. Postepy Dermatol Alergol 2022;38:948-52.

Karalis VD. The integration of artificial intelligence into clinical practice.
Appl Biosci 2024;3:14-44.

Schlegl T, Waldstein SM, Bogunovic H, Endstrafler E Sadeghipour A,
Philip AM, et al. Fully automated detection and quantification of macular
fluid in OCT using deep learning. Ophthalmology 2018;125:549-58.

Liu X, Jiang J, Zhang K, Long E, Cui J, Zhu M, et al. Localization and
diagnosis framework for pediatric cataracts based on slit-lamp images
using deep features of a convolutional neural network. PLoS One
2017;12:e0168606.

Kim §J, Cho KJ, Oh S. Development of machine learning models for
diagnosis of glaucoma. PLoS One 2017;12:¢0177726.

Anawade PA, Sharma D, Gahane S. A comprehensive review on exploring
the impact of telemedicine on healthcare accessibility. Cureus. 2024 Mar
12;16:€55996.

Flaxman SR, Bourne RR, Resnikoff S, Ackland P, Braithwaite T,
Cicinelli MV, et al. Global causes of blindness and distance vision
impairment 1990-2020: A systematic review and meta-analysis. Lancet
Glob Health 2017;5:¢1221-34.

Balyen L, Peto T. Promising artificial intelligence-machine learning-deep
learning algorithms in ophthalmology. Asia Pac ] Ophthalmol 2019;8:417.
Schlanitz FG, Baumann B, Kundi M, Sacu S, Baratsits M, Scheschy U, et al.
Drusen volume development over time and its relevance to the course of
age-related macular degeneration. Br ] Ophthalmol 2017;101:198-203.
Gulshan V, Peng L, Coram M, Stumpe MC, Wu D, Narayanaswamy A, et al.
Development and validation of a deep learning algorithm for detection of
diabetic retinopathy in retinal fundus photographs. JAMA ] Am Med Assoc
2016;316:2402-10.

Benet D, Pellicer-Valero OJ. Artificial intelligence: The unstoppable
revolution in ophthalmology. Surv Ophthalmol 2022;67:252-70.

Chaganti S, Nabar KP, Nelson KM, Mawn LA, Landman BA. Phenotype
analysis of early risk factors from electronic medical records improves
image-derived diagnostic classifiers for optic nerve pathology. In:
Medical Imaging 2017: Imaging informatics for healthcare, research, and
applications, SPIE. 2017. p. 101380F.

Baxter SL, Marks C, Kuo TT, Ohno-Machado L, Weinreb RN. Machine
learning-based predictive modeling of surgical intervention in glaucoma
using systemic data from electronic health records. Am ] Ophthalmol
2019;208:30-40.

Bi WL, Hosny A, Schabath MB, Giger ML, Birkbak NJ, Mehrtash A,
et al. Artificial intelligence in cancer imaging: Clinical challenges and
applications. CA Cancer J Clin 2019;69:127-57.

Guan YE Li GR, Wang RJ, Yi YT, Yang L, Jiang D, et al. Application of
next-generation sequencing in clinical oncology to advance personalized
treatment of cancer. Chin ] Cancer 2012;31:463-70.

Grewal JK, Tessier-Cloutier B, Jones M, Gakkhar S, Ma Y, Moore R, et al.
Application of a neural network whole transcriptome-based pan-cancer
method for diagnosis of primary and metastatic cancers. JAMA Netw Open
2019;2:€192597.

Shreve JT, Khanani SA, Haddad TC. Artificial intelligence in oncology:
Current capabilities, future opportunities, and ethical considerations. Am
Soc Clin Oncol Educ Book 2022;42:842-51.

Coudray N, Ocampo PS, Sakellaropoulos T, Narula N, Snuderl M,
Feny6 D, et al. Classification and mutation prediction from non-small
cell lung cancer histopathology images using deep learning. Nat Med
2018;24:1559-67.

Anthimopoulos M, Christodoulidis S, Ebner L, Christe A, Mougiakakou S.
Lung pattern classification for interstitial lung diseases using a deep
convolutional neural network. IEEE Trans Med Imaging 2016;35:1207-16.
Jiang Y, Liang X, Wang W, Chen C, Yuan Q, Zhang X, et al. Noninvasive
prediction of occult peritoneal metastasis in gastric cancer using deep
learning. JAMA Netw Open 2021;4:€2032269.

Wang C, Shen Y, Jia J, Lu Y, Chen Z, Wang B. SingleCaffe: An Efficient
framework for deep learning on a single node. IEEE Access 2018;6:69660-71.
Chopra H, Annu, Shin DK, Munjal K, Priyanka, Dhama K, et al.
Revolutionizing clinical trials: the role of AI in accelerating medical
breakthroughs. Int J Surg 2023;109:4211-20.

Miljkovi¢ F, Rodriguez-Pérez R, Bajorath J. Impact of artificial intelligence
on compound discovery, design, and synthesis. ACS Omega 2021;6:33293-9.
Kim H, Kim E, Lee I, Bae B, Park M, Nam H. Artificial intelligence in drug

Sri Ramachandra Journal of Health Sciences « Volume 4 « Issue 2 « July-December 2024 | 51



Sriram and Gladia Jenifer: Al in medicine and its future prospects

92.

93.

94.

95.

96.

97.

98.

99.

100.

101.

discovery: A comprehensive review of data-driven and machine learning
approaches. Biotechnol Bioprocess Eng 2020;25:895-930.

Mamoshina P, Bueno-Orovio A, Rodriguez B. Dual transcriptomic and
molecular machine learning predicts all major clinical forms of drug
cardiotoxicity. Front Pharmacol 2020;11:639.

Li T, Chen X, Tong W. Bridging organ transcriptomics for advancing
multiple organ toxicity assessment with a generative AI approach. NPJ
Digit Med 2024;7:310.

Kwan JM, Oikonomou EK, Henry ML, Sinusas AJ. Multimodality advanced
cardiovascular and molecular imaging for early detection and monitoring
of cancer therapy-associated cardiotoxicity and the role of artificial
intelligence and big data. Front Cardiovasc Med 2022;9:829553.

Yagi R, Goto S, Himeno Y, Katsumata Y, Hashimoto M, MacRae CA,
et al. Artificial intelligence-enabled prediction of chemotherapy-
induced cardiotoxicity from baseline electrocardiograms. Nat Commun
2024;15:2536.

Vora LK, Gholap AD, Jetha K, Thakur RR, Solanki HK, Chavda VP.
Artificial intelligence in pharmaceutical technology and drug delivery
design. Pharmaceutics 2023;15:1916.

Manickam P, Mariappan SA, Murugesan SM, Hansda S, Kaushik A,
Shinde R, et al. Artificial intelligence (AI) and internet of medical things
(IoMT) assisted biomedical systems for intelligent healthcare. Biosensors
(Basel) 2022;12:562.

Stasevych M, Zvarych V. Innovative robotic technologies and artificial
intelligence in pharmacy and medicine: Paving the way for the future of
health care-a review. Big Data Cogn Comput 2023;7:147.

Elendu C, Amaechi DC, Elendu TC, Jingwa KA, Okoye OK, Okah MJ, et al.
Ethical implications of Al and robotics in healthcare: A review. Medicine
(Baltimore) 2023;102:€36671.

Wehbe RM, Sheng J, Dutta S, Chai S, Dravid A, Barutcu S, et al.
DeepCOVID-XR: An artificial intelligence algorithm to detect COVID-19
on chest radiographs trained and tested on a large U.S. Clinical data set.
Radiology 2021;299:E167-76.

Wang SH, Govindaraj VV, Gérriz JM, Zhang X, Zhang YD. Covid-19
classification by FGCNet with deep feature fusion from graph convolutional
network and convolutional neural network. Inform Fusion 2021;67:208-29.

102. Padma T, Usha Kumari C. Deep learning based chest X-ray image as a
diagnostic tool for COVID-19. In: Proceedings - International conference
on smart electronics and communication, ICOSEC 2020, Institute of
Electrical and Electronics Engineers Inc. 2020. p. 589-92.

103. Alqudah A, Qazan S, Alquran H, Qasmieh I, Alqudah A. COVID-19
detection from X-ray images using different artificial intelligence hybrid
models. Jordan J Elect Eng 2020;6:168.

104. Charow R, Jeyakumar T, Younus S, Dolatabadi E, Salhia M, Al-Mouaswas D,
et al. Artificial intelligence education programs for health care professionals:
Scoping review. JMIR Med Educ 2021;7:e31043.

105. Pupic N, Ghaffari-zadeh A, Hu R, Singla R, Darras K, Karwowska A, et al.
An evidence-based approach to artificial intelligence education for medical
students: A systematic review. PLOS Digit Health 2023;2:e0000255.

106. Luciano F, Mariarosaria T. What is data ethics? Phil Trans R Soc A.
2016;374:20160360.

107. Yu C, Helwig EJ. Artificial intelligence in gastric cancer: A translational
narrative review. Ann Transl Med. 2021 Feb;9:269.

108. Parr SK, Shotwell MS, Jeffery AD, Lasko TA, Matheny ME. Automated
mapping of laboratory tests to LOINC codes using noisy labels in a
national electronic health record system database. ] Am Med Inform Assoc
2018;25:1292-300.

109. Kidd BA, Readhead BP, Eden C, Parekh S, Dudley JT. Integrative
network modeling approaches to personalized cancer medicine. Per Med
2015;12:245-57.

110. Klonoff DC. The new FDA real-world evidence program to support
development of drugs and biologics. ] Diabetes Sci Technol 2020;14:345-9.

111. Jeyaraman M, Balaji S, Jeyaraman N, Yadav S. Unraveling the ethical
enigma: Artificial intelligence in healthcare. Cureus 2023;15:43262.

How to cite this article: Sriram T, Gladia Jenifer B. From algorithm to
applications: Artificial intelligence — A future prospective in medicine. Sri
Ramachandra ] Health Sci. 2024;4:44-52. doi: 10.25259/SRJHS_16_2024

Sri Ramachandra Journal of Health Sciences « Volume 4 ¢ Issue 2 « July-December 2024 | 52


https://dx.doi.org/10.25259/SRJHS_16_2024

